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> William Jewell College

= Private liberal arts college located near
Kansas City, MO.

= Approximately 1,200 undergraduate students.

= Just like you:

= Perpetually balancing aggressive goals with limited
resources.

= Affected quickly by shifts in the larger economic
landscape.




> Our Annual Fund

= The Jewell Fund goal for FY09 is $1.5 million.

= We currently solicit approximately 22,000
constituents for the Jewell Fund.

= We currently have two professional staff
members devoted solely to the Jewell Fund
solicitation activities.




> Finding Solutions with Predictive Modeling

= The Goals

= Decrease unnecessary spending measured in:
= Financial resources
= Personnel hours

= Increase giving measured in:
= Dollars
= Participation counts




> Finding Solutions with Predictive Modeling

= The Goals — More Specifically

= February 25, 2009

= Financial challenges globally
= No end in sight soon

= Eight months into the fiscal year
= Much of the low hanging fruit gone
= Staring at a sea of long-lapsed donors and non-donors.




> Finding Solutions with Predictive Modeling

= Clementine as solution platform

= Work space for all analysis and modeling
= Stream of consciousness operation
= Repeatable work streams

= Flexible outputs

= Data visualization

= New actionable data for implementation




Clementine — The Blank Canvas

File Edit |nsert W¥iew Tools Superbode  Window  Help

J9EH &F S®E o 19 »8 mE XA Q

Modeling JPAS

S 4
CRISP-DM | Classes -

(= (unsaved project)

[1[= Business Understanding
[, Evaluation of [SR-DONOF
= Data Understanding

(== Data Preparation

(= Madeling

[= Evaluation

[= Deployment

e
[«]

[ D] | | |

oL
D> P @BDD| M A A®DEDDDE® 2

Database “ar. File Select Sample Aggregate Derive Twpe Filter Flat Distribution  Histogram | Meural Met Kohonen C5.0 C&R Tree K-Means

Table FlatFile Databasze




> Getting The Data

Data can be

( BXCELT): sourced from a
variety of file or
| Excel | database
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> Getting More Data

All the operations

steps in the

] modeling and

Excel \ - analysis process
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> Jumping Into A Full Stream
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> Constant Visual Assessment
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> The Really Fund Part: Modeling
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Exploring Several Models At Once
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> Generating Models
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> The Perfect Model Doesn’t Exist, But . . .
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> Further Comparison — Business Rules
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> Picking Our Model
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> Further Comparisons of Lift
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> Applying the Model Right Now
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> Making The Never-Givers Manageable
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The model points to 2,648 constituents out of
12,154 long-lapsed donors and never-givers
who score as the potential donors.




> Making The Never-Givers Manageable
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> William Jewell College — Next Steps

= In using these analyses, modeling, and
Implementation tools at this critical time, we
hope to see a strong finish to the fiscal year.

= Of course, the end of one fiscal year is only the
beginning of the next:

= More analysis.
= More efficiency.

= Greater gain.




